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Fig. 1 Point distribution of measured water body
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Tab.1 Discrimination standard of urban black-odorous water body

/cm <25% < 25%
/(mg/L) <2 <3.5
/mV <50 <60
/(mg/L) >8 >6
* 25 ecm 40%
a: i b
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Fig.2 Measured water spectrum
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Fig.3 Simulated average reflectivity of two kinds of water body multi-spectrum of GF-6
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Fig.4 Modeling sample points of each algorithm
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Tab. 2 Threshold correction results of each algorithm
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Tab.3 Correct recognition rate of image extraction algorithm for black-odorous water body
/ /%
/ /%% / /%%
21 80. 8 28 77.8 13 21.0
23 88.5 30 83.3 9 14.5
18 69. 2 32 88.9 12 19. 4
HCIl 20 76.9 34 94. 4 8 12.9
HCI2 19 73.1 29 80. 6 14 22.6
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Fig.5 Extraction results of black-odorous water
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Remote Sensing Identification of Black-odorous Water
in Hangzhou Based on GF-6 Images

HUANG Qiyu', XIAO Han’, YU Zhifeng"?, ZHOU Bin'*, PENG Xiaoxue', YUAN Xiaohong'"*

(1. Institute of Remote Sensing and Earth Sciences, Hangzhou Normal University, Hangzhou 311121, China;
2. School of Remote Sensing and Information Engineering, Wuhan University, Wuhan 430079, China;

3. Zhejiang Provincial Key Laboratory of Urban Wetlands and Regional Change, Hangzhou 311121, China)

Abstract: Timely and accurate identification of black-odorous water in cities is of great value to the treatment of urban
black-odorous water. This paper applied and compared the applicability of five kinds of urban black-odorous water
identification algorithms in Hangzhou, including single-band method, ratio method, difference method and two kinds of
HeiChou Identification models (HCI1, HCI2). The results showed that the five algorithms could identify the black-odorous
water body in different degrees. The band difference method had the highest recognition accuracy for the normal water body
(88.5%), and the HCI1 method had the highest accuracy for the black-odorous water body (94.4%). However, all the
algorithms had misjudgments which needed the further improvement.

Key words: GF-6; black-odorous water; Hangzhou; remote sensing identification; algorithm comparison
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Design of an Interactive Learning Platform for Computer Algorithm

XIA Zhenghua, HU Baokun, DIAO Wanwan, HUANG Yugian

(School of Information Science and Technology, Hangzhou Normal University, Hangzhou 311121, China)

Abstract; Based on the comparative analysis of representative visual algorithm learning platforms at home and abroad,
the design framework, system architecture and main functions of the developed interactive computer learning platform were
introduced in this paper. The realization of C language module, animation demonstration of algorithm execution process, and
the platform innovation of generating corresponding blocks of flow chart were also introduced. Furthermore, the prospects
and the plans for development trend of the platform were also discussed.

Key words: interactive; visualization; flow chart; computer algorithm; learning platform



