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Reconstruction Method of Logging Curves Based on Extreme Gradient Boosting Method

QI Chunsheng, DING Lei, WANG Yi, ZHENG Zhifeng, ZHANG Xi
(Hainan Branch of CNOOC Ltd. , Haikou 570311, China)

Abstract: In the process of well logging data acquisition in the western area of South China Sea. the lack of well logging curve often occurs,
which makes it difficult to accurately evaluate the well logging interpretation of oil and gas reservoirs. In order to solve this problem, Based on
XGBoost algorithm, the logging curve reconstruction is realized by comprehensively using logging and gas logging data. The method could sup-
port the processing of sparse data. and realize the automatic optimization of model parameters through grid search. By comparing the different
machine learning algorithms and the reconstruction effect of different logging curves in the target area, the new method has the advantages of
low parameter adjustment difficulty, high calculation accuracy, and it can effectively improve the work efficiency. Furthermore, the method is
applied to the identification of low resistivity water flooded zones in the western South China Sea Oilfield, and good application result is ob-
tained.

Keywords : XGBoost; reconstruct log curve;sparse data;grid search; water flooded zone
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